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e Loss of human control
* To solve the misuse of discretions: bureaucratic evil
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 Lack of information: uncertainty
» The pressure of time and accountability
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 Decision fatigue, emotional shock
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What’s so Special about Al?
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Expert Decisional System

1. #EEER

2. #Bs73HAI IfA, then B; else C
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Machine Learning
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THEME

7l Hee R E FEARIERETE
( Nondeterministic ) {EFERYIBIERSE L2

Véﬂ?ﬁﬁﬁﬁklg,%ﬁ%ﬂgﬁ)\ﬂ QFETHRIRS



E— : ALESA—ERISE LSIREE

ST but HEEFEER 2 H(EE
* AlIRTT T BRFF54EE - A RSRIRAIEL A BB EF
* AISEIRFFIER - Al FFRENESHEDEEISR

NERBEENETE - ANEEAEEERA RS

I.I.IJ

e AF/DESTE FR9EERM - AllENN T SRR E
- A E Y BB R EEE




PredPol

Predict Crime in Réal Tlme
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BB s T e L E B ZR 4t (Pretrial Public Safety Assessment)
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Estimated Average Effects on Revising Decision (Al vs. No Al)
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* Policy implications?
* How to address the problem of cognitive limitation and
information uncertainty

- (BEZHTEEEREIVOSRL (Wilson, 1989) , FffIEM , (TS
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« Good cop vs. bad cop
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1. Understanding automation bias, Algorithmic bias, and
automation complacency

2. How to have the Al tool facilitate different public values
- RIE. ¥F,. Sot. [BFA. BEH. EfE
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HANK YOU FOR YOUR ATTENTION!

ANY QUESTIONS OR COMMENTS?

FEEL FREE TO CONTACT ME

hsinihuang@ntu.edu.tw
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